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About Me

Hi, | am Ambika Timilsena!
An Ex-Credit Analyst transitioning into the role of a Data
Analyst. As a credit analyst | made loan
recommendations by analyzing the financial and
business strength of customers. It gave me the
opportunity to find any unusual patterns in the financial
data of customers and communicate the same with
management. Now, | am transitioning into the data
analyst role as | always wanted to dive deeper for a
more comprehensive understanding of large-scale data
and the decisions derived from these data. | want to
apply my knowledge and skills to transform complex
data into insightful visualizations, make data-driven
decisions and communicate actionable insights to
stakeholders that could impact the company and its
decision-making processes.

Soft Skills:

% Critical Thinking

% Business Acumen
% Story-Telling with Data
% Data Driven Research
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Airbnb Berlin

Instacart

Rockbuster Stealth

Influenza Season

GameCo

Analyzing the variables
affecting price of the Airbnb
Listing

Marketing strategy for an

online grocery store

Answering business questions
for an online video rental
company

Preparing for flu season in the
Us.

Analyze global video game
sales




GameCo
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https://www.vgchartz.com/
https://www.vgchartz.com/
https://www.vgchartz.com/

50%

g

Percentage of GLobal Sales
g g

10%

0%

2000

2001

2002

2003

2004

Key Insights

Proportion of Global Sales by Geographical regions

2005

2006

2007

2008
Year

2009

2010

2011

2012

2013

2014

2015
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2016

Europe gains market
leadership in 2016 by
gaining of global
sales.

Sales proportion of North
America has decreased

from from

2000 to 2016.



Sales in Millions 2000 - 2016
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Visualizations Deliverables Challenges



https://drive.google.com/drive/my-drive?ths=true
https://drive.google.com/drive/my-drive?ths=true
https://drive.google.com/drive/my-drive?ths=true
https://drive.google.com/drive/my-drive?ths=true

Perform a predictive
analysis using
historical flu data to
examine trends and
seasonality of
influenza in USA to
assist medical
staffing agency with
the planning and
deployment of
additional staff to
support influenza
season.

Influenza Season

Translating
business
requirements,
Data cleaning,
Data integration,
Data
transformation,
Statistical
hypothesis testing,
Visual analysis,
Forecasting,
Storytelling in
Tableau



https://wonder.cdc.gov/ucd-icd10.html
https://wonder.cdc.gov/ucd-icd10.html

Influenza Deaths
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Key Insights

Influenza Deaths in USA from 2009 - 2017 and Forecast for 2018

2011

While states on west
regions have lowest death
counts over time,
Californiais an outlier and
holds highest death
counts across all regions.

Region

B vidwest
B Northeast
B south

B west

15 2016 2017

614
West
California

State

(A1)
Alabama
Alaska
Arizona
Arkansas
California
Colorado
Connecticut
Delaware

District of Col...

Florida
Georgia
Hawaii
idaho

Region
(A1)
Midwest
Northeast
South
West

Highest Death Counts

California, New York, Texas,
Florida & Pennsylvania




Influenza Deaths %
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Recommendation Visualizations Deliverables Challenges



https://public.tableau.com/app/profile/ambika.timilsena5191/viz/InfluenzaDeathsinUSStates/PlanningforInfluenzaSeason
https://drive.google.com/drive/my-drive
https://public.tableau.com/app/profile/ambika.timilsena5191/viz/InfluenzaDeathsinUSStates/PlanningforInfluenzaSeason
https://public.tableau.com/app/profile/ambika.timilsena5191/viz/InfluenzaDeathsinUSStates/PlanningforInfluenzaSeason
https://youtu.be/4KSbMrpWupY

Perform a strategic
analysis of movie
and rental data for
the business
intelligence
department to assist
in strategy
development for the
launch of an online
video rental

service in order to
stay competitive in
the industry.

Rockbuster Stealth

&y

PostgreSQL
+

Tableau

@

Powerpoint

Relational
databases,
SQL, Database

querying, Filtering,

Cleaning and
summarizing,
Joining tables,
Subqueries,
Common table
expressions, Data
Dictionary, ERD

Data Set



https://github.com/ambicca123/Rockbuster_Data_Analysis_SQL
https://wonder.cdc.gov/ucd-icd10.html
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Recommendation Visualizations Deliverables Challenges



https://drive.google.com/drive/my-drive
https://drive.google.com/drive/my-drive
https://drive.google.com/drive/my-drive
https://public.tableau.com/app/profile/ambika.timilsena5191/viz/RockbusterDataAnalysis_16606421300750/Rockbuster
https://github.com/ambicca123/Rockbuster_Data_Analysis_SQL

Perform an
exploratory analysis
to answer business
questions and

derive insights about
buying trends and
customer
demographics in
order to target
customers with
applicable marketing
strategies.

Data
wrangling,
Data merging,
Deriving
variables,
Grouping data, Data Set
Aggregating
data, Reporting
in Excel,
Population
flows



https://www.instacart.com/datasets/grocery-shopping-2017
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Composition of Orders By Loyalty Flag

Regular customer

Loyal, Regular Highest
and New Customer

Distribution of Customers across US Regions based on Loyalty Flag
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Recommendation Visualizations Deliverables Challenges



https://github.com/ambicca123/Instacart-Grocery-Basket-Analysis-Python
https://github.com/ambicca123/Instacart-Grocery-Basket-Analysis-Python

To analyze what
variables may
impact the price of
Airbnb Listing, which
districts in Berlin are
most popular among
tourists and search
for any noticeable
patterns and trends
in the data.

Tableau

Geographical
Visualizations
in Python,
Regression
Analysis,
Unsupervised
Learning -
Clustering,
Time Series
Analysis

Data Set



http://insideairbnb.com/get-the-data/

Key Insights
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Price per Listing
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Key Insights

Distance from the Center vs Price per Listing (Test set)

Distance from the Center

Availability of the Listing in Days
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K-Means Clustering using Elbow Curve in
Python to find the relationship between
Number of Reviews and Availability of Listing.

Regression testing between Price of the

Airbnb Listing and Distance from the center of
Berlin
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Recommendation Visualizations Deliverables Challenges



https://github.com/ambicca123/Airbnb_Berlin_data_analysis_python
https://github.com/ambicca123/Airbnb_Berlin_data_analysis_pythonery-Basket-Analysis-Python
https://public.tableau.com/app/profile/ambicca.timilsena/viz/Airbnb_berlin_16654796961380/Story1
https://public.tableau.com/app/profile/ambicca.timilsena/viz/Airbnb_berlin_16654796961380/Story1

Do You Have Any Questions?

Ambika Timilsena

Lets Connect!

GitHub '



https://www.linkedin.com/in/ambika-timilsena/
https://github.com/ambicca123
https://public.tableau.com/app/profile/ambika.timilsena5191
mailto:ambicca123@gmail.com

